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Abstract

Public sharing of data and analysis code enables independent veri�cation of published

�ndings, yet systematic evidence on such sharing in sociology remains scarce, even as

audits have been conducted in psychology, economics, and political science. We exam-

ine 730 empirical articles published between January 2019 and June 2024 in three leading

general-interest journals: American Sociological Review, American Journal of Sociology,

and Social Forces. For each article, we record whether a publicly accessible replication

package is provided, and for those that share materials, we attempt to computationally

reproduce the main-text tables and �gures. Across the sample, 9.9% of articles provide

replication packages, with substantial variation across journals (5.2% to 22.9%) and re-

search types (0% for qualitative studies, 30% for experiments). These rates fall well below

those reported for political science and economics. Among 72 packages examined in de-

tail, more than half cannot be veri�ed due tomissing or incomplete materials. At the same

time, no article is wholly non-reproducible, and 22% are fully or largely reproducible.

Sociology is not unusually prone to errors when materials are shared and runnable—it

simply shares them far less often. We discuss implications for journal policies and for

transparency standards that re�ect the �eld’s methodological diversity.
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1 Introduction

The credibility of empirical research depends on the ability of independent researchers to

verify reported �ndings. Over the past decade, large-scale replication e�orts in psychology

and economics have shown that many published results do not replicate when tested with

new data from independent samples (Open Science Collaboration, 2015; Camerer et al., 2016,

2018; Holzmeister et al., 2025), and a related concern has emerged about computational repro-

ducibility: whether the results reported in a published article can be regenerated using the

original data and code (Christensen and Miguel, 2018; Dreber and Johannesson, 2025; Nosek

et al., 2026). Computational reproducibility is a prerequisite for replication. If a published

result cannot be reproduced even with the original materials, there is no meaningful basis for

assessing whether it would replicate in new settings. For this reason, public sharing of data

and code has become a core element of the open science movement. A growing body of meta-

scienti�c research has examined how often researchers share materials and how often those

materials actually allow the published results to be reproduced (Nosek et al., 2015; Hardwicke

et al., 2020; Miguel, 2021; Breznau et al., 2025).

This evidence base has expanded rapidly across the social sciences. In economics and

management, leading journals now require authors to deposit replication packages, employ

data editors to verify reproducibility prior to publication, and have been the focus of several

large-scale reproduction exercises (Vilhuber, 2020; Brodeur et al., 2023, 2026; Fišar et al., 2024).

In political science, recent audits �nd that rates of public data and code sharing range from

about 21% across the discipline as a whole to 74% in top-tier journals (Stockemer, Koehler

and Lentz, 2018; Scoggins and Robertson, 2024; Rainey et al., 2025). Similar audits have been

carried out in demography (Basellini, 2024), criminology (Greenspan, Baggett and Boutwell,

2024), �nance (Pérignon et al., 2024), management (Prosser et al., 2024), and psychology (Hard-

wicke et al., 2020, 2021). Across this literature, two patterns consistently emerge. First, posting

rates increase substantially where journal policies require it. Second, even when materials are

publicly available, a non-trivial share of published results cannot be reproduced from them.

Sociology has remained largely outside this growing audit literature. The discipline has

long called for greater transparency (Winship, 2007; Freese, 2007; Firebaugh, 2007), and a

growing body of commentary argues that sociology lags neighboring �elds in adopting open

science practices (Freese and Peterson, 2017; Moody, Keister and Ramos, 2022; Weeden, 2023;

Miske et al., 2026). Survey evidence supports this view: Ferguson et al. (2023) �nd that sociol-

ogists report lower rates of data sharing, code sharing, and preregistration than psychologists,

economists, or political scientists, despite expressing broadly favorable attitudes toward these

practices. The institutional context also di�ers in important ways. The American Sociological

Association’s (2018) Code of Ethics states that sociologists “share data and pertinent documen-

tation as an integral part of a research plan,” but leaves implementation largely to individual

researchers rather than journals or repositories. Among 11 sociology journals reviewed by
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Weeden (2023), only one mandates data and code sharing; eight encourage it, and two are

silent. Despite these signs of an availability gap, systematic, article-level evidence on what is

actually being shared, whether sharing varies by research method, and whether shared ma-

terials enable the reproduction of published results, remains limited (Auspurg and Brüderl,

2022; Basellini, 2024).

This paper addresses that gap. We examine 730 empirical articles published between Jan-

uary 2019 and June 2024 in three leading general-interest sociology journals: American Soci-

ological Review, American Journal of Sociology, and Social Forces. For each article, we record

whether a publicly accessible replication package is provided and document its contents. For

articles that provide such materials, we attempt to computationally reproduce the tables and

�gures in the main text using the supplied data and code, classifying each table or �gure

according to the framework developed by Fišar et al. (2024).

Three �ndings stand out. First, only 9.9% of articles in our sample provide a publicly acces-

sible replication package, with adoption concentrated almost entirely inAmerican Sociological

Review (22.9%). American Journal of Sociology and Social Forces each post packages for only

about 5% of articles. These rates fall well below those reported in recent audits of political

science and economics. Second, among the 72 packages we examined in detail, more than half

are e�ectively unveri�able due to missing data, missing code, or insu�cient documentation.

Third, among the packages we could run, 22% of articles are fully or largely reproducible at the

article level, and reproducibility outcomes vary by research type, with experimental studies

substantially more reproducible than observational ones.

These �ndings provide the �rst systematic, article- and package-level evidence on trans-

parency in sociology and situate the discipline within a broader cross-disciplinary context.

They also speak to an important question in ongoing journal policy debates: what would

change if sociology journals adopted the practices that have improved availability and repro-

ducibility in neighboring �elds? Our results point to substantial room for improvement, but

also suggest that e�ective standards will need to accommodate the methodological pluralism

that characterizes sociology, including the sizable share of work for which a conventional

data-and-code deposit is not a natural unit of transparency. We return to this issue in the

discussion.

The remainder of the paper is organized as follows. Section 2 positions our study within

the broader audit literature and the institutional context of sociology. Section 3 describes the

sample and our coding procedure. Section 4 presents �ndings on data and code availability,

as well as computational reproducibility. Section 5 considers the implications for journal pol-

icy, the limits of what package audits can reveal, and potential directions for transparency

practices tailored to sociology’s research traditions. Section 6 concludes.
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2 Background

2.1 Cross-Disciplinary Audits of Data Sharing and Reproducibility

Empirical audits of open science practices tend to follow a common template. Researchers

draw a sample of articles from a de�ned set of journals and a time period, code each paper

for whether it shares data, code, or both, and then attempt to reproduce at least a subset

of the reported results. Implementation details vary—coding may be automated or manual,

reproduction attempts may be strictly “push-button” or allow limited adjustments, and output

matching may be more or less stringent. Despite these di�erences, the literature has begun

to converge on a set of stylized facts.

In economics, journal policy has shifted markedly over the past decade. The American

Economic Association now requires authors to deposit replication packages prior to pub-

lication and veri�es reproducibility through dedicated data editors (Vilhuber, 2020; Ameri-

can Economic Association, 2024). Re�ecting these policies, recent samples from leading eco-

nomics journals report posting rates approaching 100% (Matthews and Rantanen, 2025). Re-

producibility, however, remains imperfect even when materials are available. Brodeur et al.

(2026), reproducing 110 papers in leading economics and political science journals from 2022

onward, �nd thatmore than 85% are fully computationally reproducible but identify coding er-

rors in approximately 25% of cases. Similarly, Fišar et al. (2024) report forManagement Science

that, when data access and software pose no obstacles, 95% of articles can be fully or largely re-

produced. Data constraints, stemming from proprietary, restricted-use, or subscription-based

sources, reduce the overall reproduction rate to 68%.

In political science, audit results vary with the sample and methodology. Stockemer,

Koehler and Lentz (2018) examine quantitative articles published in three journals in 2015

and �nd that, although 56.6% of authors share data upon private request, only 16% deposit

data in a publicly accessible form. Using machine learning to classify roughly 25,000 articles

across 160 political science and international relations journals between 2010 and 2021, Scog-

gins and Robertson (2024) estimate that 21% can be linked to publicly available data, rising

from 11% in 2010 to 26% by 2021. More recent hand-coded studies show a similar overall

pattern but with sharp variation by journal tier. Rainey et al. (2025) report that 31% of quan-

titative articles published in 2022 share supporting data and code, with the rate reaching 74%

in top-quartile journals.

In psychology, Hardwicke et al. (2024) analyze 400 articles published in 2022, half drawn

from the �eld at large and half from the top 50 journals by impact factor, and distinguish be-

tween claimed availability and functional availability, meaning that materials can be accessed

without contacting the authors. Functionally available data appear in 14% of �eld-wide articles

and 16% of top-journal articles, while analysis code is available in 8.5% and 14%, respectively.

These �gures mark clear improvements over the 2014–2017 baseline reported by Hardwicke
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et al. (2020), but most psychological research still does not provide the materials needed for

independent veri�cation.

Comparable audits in other �elds reveal similar patterns. In demography, Basellini (2024)

examines four leading journals between 2010 and 2023 and �nds a sharpwithin-discipline con-

trast. In three journals without dedicated reproducibility infrastructure, about 12% of articles

provide open code, whereas Demographic Research, which introduced a “Replicable” article

category, reaches roughly 31%. In criminology, Greenspan, Baggett and Boutwell (2024) re-

port that 7.7% of articles in �ve leading journals make data openly available and just 1.3%

share analysis code. This is notable because Chin et al. (2023) �nd that 43% of criminologists

report having shared data at some point in their careers. This gap between self-reported be-

havior and observed practice recurs across disciplines (Young and Horvath, 2015; Ferguson

et al., 2023).

The recent cross-�eld assessment comes from Miske et al. (2026), who examine 600 pa-

pers published between 2009 and 2018 across 62 journals in the social and behavioral sci-

ences. Their �ndings con�rm the �eld-speci�c patterns documented above. Data availability

was highest in political science (54.1%) and economics (37.3%) and lowest in education (2.9%).

Among papers for which a reproduction could be attempted, 84.0% of political science papers

and 77.2% of economics papers achieved approximate or precise reproducibility, substantially

outpacing other disciplines.

Two patterns emerge from this literature. First, posting rates respond strongly to journal

policy. Where mandates are in place and enforced, sharing is nearly universal. Where they are

absent, it remains the exception, and the contrast between Demographic Research and its peer

journals shows that this pattern can operate even within a single discipline. Second, posting

alone does not guarantee reproducibility. Even in �elds with high posting rates, a meaningful

share of articles cannot be reproduced from the supplied materials, and data unavailability,

rather than coding errors, is the most common barrier. Both patterns motivate the design

of the present study, which separates availability from reproducibility and examines them in

turn.

2.2 The Institutional Context of Sociology

Sociology’s institutional context for data sharing di�ers from that of neighboring disciplines

in several respects. The American Sociological Association’s (2018) Code of Ethics includes a

section on data sharing (§12.5) stating that sociologists “share data and pertinent documenta-

tion as an integral part of a research plan,” while allowing exceptions for proprietary agree-

ments and for cases in which con�dentiality cannot be protected. This re�ects a longstanding

professional norm and explicitly recognizes that some forms of research, such as ethnogra-

phy and interview-based work, may not be readily shareable. At the same time, the Code does

not specify when or where data should be shared, and responsibility for implementation rests
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with individual researchers rather than journals or repositories.

Journal policies in sociology vary widely. Weeden (2023) reviews 11 empirical sociology

journals and �nds that only one requires data and code sharing as a condition of publication;

eight encourage it but allow authors to opt out, and two do not address the issue. Online

Appendix A reviews the policies of 16 general and specialist sociology journals, including the

three analyzed here. The submission guidelines for American Sociological Review reproduce

the ASA Code’s data-sharing language but do not mandate the deposit of replication materi-

als. American Journal of Sociology encourages sharing and notes that editors and reviewers

may take data availability into account when evaluating submissions, but does not require it.

Social Forces introduced a data availability statement requirement in 2023, asking authors to

declare their stance on sharing, but statements may indicate that data are “available upon re-

quest” rather than publicly deposited. This formulation has been widely criticized as di�cult

to enforce. Young and Horvath (2015) report that more than three-quarters of authors of soci-

ological articles who had promised to provide data on request declined to do so when asked,

often for reasons unrelated to legal or con�dentiality constraints. Freese (2007) further notes

that such promises can expire when authors leave the �eld, leaving readers without remedy.

A distinct feature of sociology is the breadth of its methodological approaches. Unlike

economics, where empirical work is predominantly quantitative, sociology’s leading journals

regularly publish qualitative, ethnographic, historical, and mixed-methods research alongside

quantitative analyses (Lucas, Morrell and Posard, 2013; Weeden, 2023). This pluralism com-

plicates the uniform application of data-sharing requirements. In ethnographic research, for

example, the materials that constitute “data,” such as �eld notes, recordings, and interview

transcripts, are often highly identifying and di�cult to anonymize. The analytic process is

also iterative and interpretive in ways that do not map cleanly onto computational repro-

duction (Murphy, Jerolmack and Smith, 2021; Khan, Hirsch and Zeltzer-Zubida, 2024). The

ASA Code’s allowance for cases in which con�dentiality cannot be preserved re�ects these

challenges. In this study, we therefore distinguish between transparency standards for quanti-

tative research, where computational reproducibility is well de�ned and where our reproduc-

tion e�orts are concentrated, and the broader question of transparency in qualitative work,

for which our evidence is descriptive rather than evaluative.

Attention to transparency is not new within sociology. A special section of Sociological

Methods & Research on replication and datawas published in 2007 (Winship, 2007; Freese, 2007;

Firebaugh, 2007), and Moody, Keister and Ramos (2022) discuss reproducibility speci�cally in

the context of computational social science. Zenk-Möltgen and Lepthien (2014) examine the

availability of replication packages at ASR and AJS for articles published in 2012–2013, �nd-

ing that 30.9% of empirical ASR articles and 9.1% of empirical AJS articles had data that could

be veri�ed as accessible. A cross-disciplinary benchmark comes from Miske et al. (2026), who

include sociology among six �elds in a broad audit of 600 papers across 62 social and behav-

ioral science journals published between 2009 and 2018, �nding that data and code sharing
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Table 1: Articles published in three sociology journals (January 2019–June 2024), by research type.

All SF ASR AJS

# Share # Share # Share # Share

Research method
Observational 492 0.67 293 0.80 109 0.56 90 0.54
Qualitative 140 0.19 40 0.11 51 0.26 49 0.29
Mixed methods 49 0.07 13 0.04 18 0.09 18 0.11
Experimental 43 0.06 21 0.06 14 0.07 8 0.05
Other 6 0.01 1 0.00 2 0.01 3 0.02

Total 730 1.00 368 1.00 194 1.00 168 1.00

Notes: ASR = American Sociological Review, AJS = American Journal of Sociology, and SF = Social Forces.

in sociology runs at roughly 20%. By design, however, that study o�ers breadth rather than

depth. Given the discipline’s distinctive institutional context, these questions deserve closer

attention than the cross-disciplinary literature has yet provided. The present study extends

this line of work by combining a systematic accounting of package availability with article-

and output-level reproduction attempts speci�cally within sociology, across its three leading

general-interest outlets, with a focus on how practices vary across method types.

3 Data

Sample. We examine all empirical research articles published between January 2019 and

June 2024 in three leading sociology journals: American Sociological Review (ASR, Vols. 84–

89), American Journal of Sociology (AJS, Vols. 124–129), and Social Forces (SF, Vols. 97–102).

These journals are widely regarded as the discipline’s leading general-interest outlets and

collectively re�ect the �eld’s methodological breadth. We exclude book reviews, editorials,

and six articles that contain no empirical analysis. The �nal sample consists of 730 articles.

Each article is manually classi�ed into one of �ve mutually exclusive categories based

on its primary methodological approach. Observational studies rely on one or more non-

experimental quantitative datasets. Experimental studies involve manipulation of conditions

in the data-generating process, including laboratory, �eld, and survey experiments. Qualita-

tive studies use methods such as ethnography, interviews, or content analysis. Mixed-methods

studies combine quantitative and qualitative approaches within a single article. Other studies

include review articles, meta-analyses, and simulation studies. Because these categories are

de�ned di�erently across the sociological literature (Small, 2011), we provide detailed coding

criteria in Online Appendix B.3. Table 1 reports the resulting distribution.
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Identifying replication packages. As sociology journals do not follow a standardized for-

mat for declaring data and code availability, identifying replication materials requires manual

review. We proceeded in two steps. First, we conducted a full-text keyword search of each

article for terms associated with data and code availability, such as data is available,

replication package, Open Science Framework, and Dataverse. The complete list of

keywords is provided in Table B.1 in the Online Appendix. Second, we manually reviewed

each article to verify and supplement the keyword search. For articles that mention avail-

ability without providing a direct link, we conducted a Google search using the article title

and author names to locate the materials. We classi�ed a package as publicly accessible if it

can be reached without authentication and contains �les relevant to the published analysis.

Materials described as “available upon request,” as well as supplementary �les that include

only documentation, broken links, or links to materials that are no longer available, are coded

as not publicly accessible.

Assessing package contents. For each publicly accessible package, we downloaded all

available �les in November and December 2024 and reviewed them to assess the completeness

of the materials. This step is important because replication packages often do not include

everything needed to fully reproduce the published results. For each package, we recorded

whether it includes (i) analysis code, (ii) the data required to run that code, (iii) a README

�le or equivalent documentation, and (iv) log �les documenting code execution. For each

component, we further coded whether it is complete, partial, or absent.

We classi�ed a package as veri�able if both code and data are fully or partially available.

Packages missing one of these components were coded as unveri�able. We also recorded

the apparent reason for the missing data, distinguishing among: (i) the data are restricted

and cannot be obtained by the replicator; (ii) the data can be obtained for free from publicly

available sources; (iii) the data can be obtained from a commercial provider; (iv) the data may

be obtainable through alternative means (e.g., the authors may provide the data upon request,

particularly when the data are original and there is no clear barrier to sharing); and (v) the

data cannot be obtained, or the reason for unavailability is unknown.

Reproducibility assessment. For veri�able packages, we attempt to computationally re-

produce each table and �gure in the article’smain text. We do not reproduce content in supple-

mentary materials or appendices, and we do not re-execute data-cleaning pipelines when only

cleaned analysis data are provided. The unit of reproduction is the analysis as documented by

the package, rather than the full pipeline from raw data. We conducted all reproduction at-

tempts using only the data, code, and materials included in each replication package, without

downloading any external resources referenced in the README �les. Within these bounds,

we follow the conventions of recent reproduction exercises (Trisovic et al., 2022; Fišar et al.,

2024; Brodeur et al., 2026). We run the supplied scripts, making only minimal corrections for
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clear typographical or �le-path errors, and then assess whether the resulting outputs match

those reported in the published article. We excluded two packages from the analysis that

exceeded our computational capacity. See Online Appendix B.2 for a description of the com-

putational environment and the scope of the reproduction exercise.

Following Fišar et al. (2024), each table and �gure is classi�ed into one of seven categories:

(i) fully reproducible; (ii) largely reproducible, with minor issues; (iii) largely not reproducible,

with major issues; (iv) not reproducible; (v) not reproducible but consistent with the provided

log �le; (vi) unveri�able; and (vii) not based on data or analysis. The full set of classi�cation

criteria is provided in Online Appendix B.4. We then aggregate these classi�cations to the

article level, counting an article as fully reproducible only if all of its main-text tables and

�gures are fully reproducible.

The reproduction sample includes 283 �gures and 252 tables drawn from the set of veri-

�able packages. We also document any corrections made during the process and report the

share of veri�able articles that required minor adjustments in order to run.

4 Results

The full sample contains 728 articles. Of these, 72 articles (9.9%) provide a publicly accessible

package. Of those 72, 32 packages (44%) are veri�able in the sense that they include both

code and data su�cient to attempt reproduction; the remaining 40 cannot be run as supplied.

Reproduction outcomes are reported below at the article level (72 packages) and at the level

of individual tables and �gures (535 exhibits drawn from veri�able packages).

4.1 Availability of Replication Packages

Overall and by journal. Across the 728 articles for which replication package status could

be determined, 9.9% provide a publicly accessible package containing data, code, or both.

Adoption is heavily concentrated in ASR, where 22.9% of articles share materials. In contrast,

AJS and SF provide packages for only 5.4% and 5.2% of articles, respectively (Figure 1A). These

cross-journal di�erences are statistically signi�cant (j2(2) = 49.66, ? < 0.001). These dispar-

ities cannot be explained solely by di�erences in methodological composition. ASR and AJS

have similar distributions across research types (Fisher’s exact test, ? = 0.790), yet their post-

ing rates di�er by more than 17 percentage points (Fisher’s exact test, ? < 0.001). The gap is

large enough that ASR accounts for roughly 61.1% of all replication packages in our sample.

Trends over time. Posting rates increase modestly over the sample period, rising from 7.6%

in 2019 to 12.3% in 2023 and 12.7% among articles published through June 2024 (Figure 1B).

This trend is consistent with the broader shift toward open science practices observed in

other social science �elds, although the overall level remains low. The 2023 policy change at
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Figure 1: Share of empirical articles that provide a publicly accessible replication package. (A) By

journal. (B) By year of publication. Notes: Numbers in parentheses indicate the number of articles in

each category. The 2024 bar in panel B re�ects articles published through June 2024.

Social Forces is informative in this regard. That year, the journal introduced a data availability

statement requirement, asking authors to declare their position on sharing without requiring

deposit. The most common statement indicates that data are “available upon request.” De-

spite this relatively lenient design, the share of SF articles with a publicly accessible package

increased from 10 of 302 articles (3.3%) before the policy to 9 of 66 (13.6%) after its intro-

duction, representing a fourfold increase from a low baseline (Fisher’s exact test, ? = 0.002).

Although the absolute level remains modest, this is one of the largest year-to-year changes

in our data and suggests that even relatively soft transparency requirements can in�uence

behavior. Whether this increase will persist and whether “available upon request” leads to

meaningful access in practice remain open questions.

By research type. Posting rates di�er markedly by research type. None of the 140 qualita-

tive articles in our sample provides a publicly accessible replication package. Observational

and mixed-methods articles, which make up most of the sample, post packages at rates of

about 10%, close to the overall �gure. Experimental articles have the highest rate, with 30% (of

43 articles) providingmaterials. Among the relatively small number ofmixed-methods articles

that do share materials, the posted content typically covers only the quantitative components.

The result for qualitative research requires careful interpretation. As discussed in Sec-

tion 2.2, the ASA Code of Ethics explicitly acknowledges that �eld notes and other ethno-

graphic materials cannot always be shared in the same way as structured datasets. Qualita-

tive scholars have also argued that conventional standards of computational reproducibility

are not well suited to evaluating interpretive research (Murphy, Jerolmack and Smith, 2021;

Weeden, 2023; Khan, Hirsch and Zeltzer-Zubida, 2024). The absence of publicly accessible

packages, therefore, re�ects a practical constraint: qualitative articles in our sample do not

provide materials in a form that supports the type of computational reproduction we study

here. It should not be read as a judgment about the value or feasibility of other forms of
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Table 2: Availability of replication materials in recent cross-disciplinary audits.

Discipline Sample Data Code Rate Source

Sociology ASR, AJS, SF, 2019–2024 ✓ ✓ 10% This study

Economics Top 5 journals, 2018–2022 ✓ 99% Matthews and Rantanen (2025)

Political science 160 journals, 2010–2021 ✓ 21% Scoggins and Robertson (2024)
Political science All journals, 2022 (overall) ✓ ✓ 31% Rainey et al. (2025)
Political science Top-quartile journals, 2022 ✓ ✓ 74% Rainey et al. (2025)
Political science Top 3 journals, 2018–2022 ✓ 99% Matthews and Rantanen (2025)

Law Top 20 general law review journals, 2018–2022 ✓ 17% Matthews and Rantanen (2025)

Demography 3 journals without reproducibility track, 2010–2023 ✓ 12% Basellini (2024)
Demography Demographic Research, 2010–2023 ✓ 31% Basellini (2024)

Criminology 5 top journals, 2018–2022 ✓ 8% Greenspan, Baggett and Boutwell (2024)

Psychology Field-wide sample, 2022 ✓ 14% Hardwicke et al. (2024)
Psychology Top 50 journals, 2022 ✓ 16% Hardwicke et al. (2024)

transparency, an issue we revisit in Section 5. For comparison with other disciplines, where

audit samples typically include little or no qualitative work, we also report posting rates for

quantitative studies alone. Excluding the 140 qualitative articles, 12.2% of the remaining 588

articles provide a replication package. This �gure still remains below the corresponding rates

reported in psychology, economics, and political science.

Sociology in cross-disciplinary perspective. Table 2 compares the posting rate in our

sample with recent audits from neighboring �elds. Direct comparisons are complicated by

di�erences in sampling frames, time periods, and coding approaches, so these results should

be interpreted as rough orders of magnitude rather than precise benchmarks. Even so, three

patterns are clear. First, sociology’s 9.9% rate sits between the two most adjacent �elds: the

7.7% data-sharing rate reported for criminology (Greenspan, Baggett and Boutwell, 2024) and

the roughly 12% posting rate documented by Basellini (2024) for demography journals without

dedicated reproducibility infrastructure. Given how closely these �elds sit to sociology, this

clustering is reassuring: our estimate falls where one would expect it to fall. Second, the com-

parison with demography also highlights the importance of journal-level policy within a sin-

gle discipline. While the three demography journals studied by Basellini (2024) post at about

12%, Demographic Research, which introduced a “Replicable” article category, reaches 31%.

Third, sociology lags well behind political science and economics. Audits of political science

report overall sharing rates ranging from 21% (Scoggins and Robertson, 2024) to 31% (Rainey

et al., 2025), with the latter reaching 74% in top-quartile journals, while pre-publication ver-

i�cation at leading economics journals has pushed posting rates close to universal levels

(Matthews and Rantanen, 2025). Sociology also remains below the 14–16% functional data

availability documented in psychology in 2022 (Hardwicke et al., 2024). These patterns are

broadly consistent with the �ndings of Miske et al. (2026).
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Figure 2: Availability of core replication components across 72 publicly accessible packages. Notes:

Each bar reports the share of packages in which the indicated component is fully present, partially

present, or absent.

4.2 Computational Reproducibility

We now turn to what the 72 publicly accessible packages in our sample actually contain and

whether they support reproducing the published results.

What packages contain. Figure 2 summarizes the availability of the four core compo-

nents of a replication package: code, data, README �les, and log �les. Approximately 90% of

packages include analysis code, while the remaining 10% include only data or supplementary

materials that do not support a runnable analysis. Among 65 packages that include code, 48%

rely exclusively on Stata, 23% on R, 20% use a combination of Stata and R, and 6% use Python

for at least part of the analysis. Data availability is lower than code availability. Roughly

30% of packages do not include analysis data, most often because the underlying datasets are

restricted-use or proprietary. README �les appear in 68% of packages, whereas only about

10% include log �les documenting code execution and outputs.

Applying the veri�ability criterion de�ned above, 40 of the 72 packages (56%) are classi�ed

as unveri�able because they lack at least one component needed to run the analysis, most

often the data. This is a central �nding of the reproduction exercise. Even among the relatively

small share of articles that provide materials, more than half of the packages do not, on their

own, support a reproduction attempt.

Article-level reproducibility. The 72 publicly accessible packages are partitioned into �ve

article-level outcomes. Ten packages (14%) are fully reproducible, meaning that all main-text

tables and �gures match the published article, and a further six (8%) are largely reproducible

with only minor issues. Together, these 16 packages constitute a combined “reproducible”

share of 22%. Eleven packages (15%) are partially reproducible: the package supports repro-

duction of some parts of the analysis but not others, most often because publicly available
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Figure 3: Reproducibility of individual tables and �gures, by research type and by journal. Notes:

Mixed-methods articles are grouped with observational studies because all available replication ma-

terials for mixed-methods articles cover the quantitative component. Numbers in parentheses denote

the number of exhibits (tables and �gures), while numbers in square brackets indicate the number of

packages.

data are provided for certain analyses while sensitive or proprietary data are withheld for the

rest. Five packages (7%) are runnable but contain at least one exhibit that fails to reproduce

despite the materials appearing complete. The remaining 40 packages (56%) are unveri�able,

as described above. Notably, no package is entirely non-reproducible at the article level: when

reproduction fails, it does so for a subset of results rather than for the article as a whole. These

outcomes re�ect attempts to reproduce after minor corrections, such as typographical errors,

broken �le paths, and deprecated function calls, that we made in 38% of veri�able packages.

A stricter “push-button” protocol that disallowed any modi�cation would yield lower rates.

Reproducibility at the table and �gure level. Figure 3 shifts the unit of analysis to in-

dividual tables and �gures and disaggregates results by research type and journal. At the

exhibit level, reproducibility is highest for experimental research, where 44% of tables and

�gures from experimental articles are fully reproducible, and lowest for observational re-

search, where 23% of exhibits are fully or partially reproducible, and unveri�ability is the

most common outcome. This pattern is consistent with the greater reliance on restricted-use

or proprietary data in observational sociology. Cross-journal di�erences are also evident at

the output level. Reproducibility is highest in ASR, where 32% of articles in the veri�able

subsample are fully reproducible, followed by SF at 28% and AJS at 8%.

Two interpretations of these results are worth distinguishing. An optimistic view is that,

among the 32 veri�able packages in our sample, reproduction succeeds at rates broadly in

line with those reported for psychology and economics (Hardwicke et al., 2021; Brodeur et al.,

2026)—though we caution that direct cross-study comparison is complicated by di�erences in
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sampling frames and reproduction protocols, and our runnable subsample is small and likely

non-random. With these caveats, sociology does not appear unusually prone to error in the

analyses we were able to run. A more pessimistic view focuses on how rarely such conditions

are met. Only a small share of articles provide materials that allow a reproduction attempt,

and a smaller share still can be fully reproduced. Taken together, the numbers are low: 14% of

replication packages are fully reproducible, and only 9.9% of articles provide such packages.

As a result, about 1.4% of the articles in the sample were fully reproducible using the supplied

materials. Both interpretations describe the same underlying data. Which one ismore relevant

depends on the margin one aims to improve.

5 Discussion

5.1 Summary of Findings

This article provides the �rst systematic, package-level audit of data sharing and compu-

tational reproducibility in three leading general-interest sociology journals. Three �ndings

stand out.

First, only 9.9% of empirical articles published between January 2019 and June 2024 provide

publicly accessible replication packages. Adoption is concentrated in one journal, American

Sociological Review (22.9%), and remains very low in the other two, American Journal of Soci-

ology (5.4%) and Social Forces (5.2%). Second, even among the small minority of articles that

share materials, more than half of the packages are not veri�able in practice because they lack

data, code, or su�cient documentation. Third, when reproduction can be attempted, success

rates are broadly comparable to those reported in economics and psychology. However, the

overall yield remains small when measured as the share of fully reproducible articles in the

original sample. In short, on the limited evidence available from veri�able packages, sociol-

ogy does not appear unusually error-prone in the analyses we could check. The more visible

gap is that very little is shared in a form that allows checking at all.

5.2 Implications for Journal Policy

The cross-journal pattern in our results points to a clear policy lever. ASR, AJS, and SF are

considered top general-interest journals, yet their posting rates di�er by an order of magni-

tude. The most plausible explanation is the policy environment. ASR’s submission guidelines

follow the ASA Code and signal an expectation of deposit, whereas AJS treats sharing as

encouraged but optional, and SF allows authors to opt out with an “available upon request”

statement. Evidence from other disciplines supports this interpretation: posting rates rise

sharply where mandates are in place and enforced, and remain low where they are not (Vil-

huber, 2020; Rainey et al., 2025; Matthews and Rantanen, 2025).
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The behavior of SF after its 2023 data availability statement requirement provides the most

direct evidence in our data, though we treat it as suggestive given the short post-period and

the absence of a comparison group. The policy does not require authors to deposit materials;

it simply asks them to state their position. Even so, posting rates more than quadrupled in the

following year, rising from 3.3% to 13.6%, despite the most common statement being “avail-

able upon request.” Although this level remains well below what mandate-and-verify policies

achieve in economics, the relative increase mirrors a broader pattern in the policy literature:

even soft transparency requirements that make non-sharing visible can shift behavior (Hard-

wicke et al., 2018; Christensen andMiguel, 2018). Stronger requirements, such as deposit prior

to publication, veri�cation by a data editor, and ineligibility for award consideration without

a complete package, would likely produce larger e�ects, as they have in neighboring �elds.

Whether such policies can be designed to �t the diversity of work published in sociology

journals is the more di�cult question, to which we now turn.

5.3 What the Reproducibility Findings Imply

Two patterns from our reproduction exercise areworth emphasizing, with appropriate caution

given the small veri�able subsample. First, no article in our sample is wholly non-reproducible

at the article level: when reproduction failed, it a�ected only a subset of results, andwe did not

observe cases where a headline �nding reversed direction. A stricter protocol that re-executed

data-cleaning pipelines would likely yield lower reproduction rates than ours. Second, when

authors provided complete materials, reproduction succeeded at rates broadly in line with

recent audits in economics (Brodeur et al., 2026) and management (Fišar et al., 2024). We do

not interpret this as evidence that sociology is well-positioned on reproducibility. The more

cautious reading is that the posting and veri�ability gap, rather than analytic error in posted

analyses, is where the discipline lags neighboring �elds.

These �ndings suggest that framing sociology’s situation as a reproducibility crisis of the

kind that has driven reform e�orts in psychology and economics is misleading. The core issue

is that few articles share materials, and more than half of those that do are not veri�able in

practice. These are distinct problems with distinct remedies. The sharing gap is primarily a

policy issue: stronger journal requirements can raise deposit rates, as evidence from other

�elds shows. The veri�ability gap is about documentation and infrastructure: deposit alone

is not enough, and even shared packages often lack the data, organization, or instructions

needed to run the analysis.

The policy implication is that deposit requirements, while necessary, are not su�cient to

close the gap between sociology and neighboring �elds. Among the 72 packages in our sam-

ple, each of which meets a minimal threshold for public sharing, 56% are still unveri�able.

Policies that distinguish between deposit and veri�cation, such as pre-publication checks by

data editors used at leading economics journals (Vilhuber, 2020), address both problems at
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once. By contrast, policies that require only that authors post materials address the �rst prob-

lem but leave the second largely untouched. Our results suggest that the latter is at least as

consequential, since unveri�ability remains the most common outcome even among articles

that do share materials.

5.4 Transparency for a Methodologically Pluralist Discipline

Sociology’s leading journals publish a broader range of empirical work than those in any

neighboring discipline that has been systematically audited. This methodological pluralism

complicates cross-�eld comparisons: when sociology’s sharing rates fall below those of eco-

nomics or political science, it is not straightforward to determine howmuch of the gap re�ects

slower progress toward open science and how much re�ects compositional di�erences in the

kinds of research being produced. Our �nding that no qualitative article in the sample includes

a replication package can be interpreted in two ways. On the one hand, it represents a striking

absence. On the other hand, it re�ects well-established professional norms recognizing that

ethnographic �eld notes, interview transcripts, and similar materials often cannot be shared

publicly without violating con�dentiality commitments. The ASA Code of Ethics explicitly

permits such restrictions. For qualitative research, then, the key question is not whether “data

and code” should be posted in the same sense as in quantitative analysis, but whether alterna-

tive forms of transparency might serve comparable goals. These could include documenting

analytic decisions, clearly linking claims to their evidence base, or enabling re-analysis by

researchers with appropriate credentials. A growing body of work has begun to develop such

approaches (Murphy, Jerolmack and Smith, 2021; Khan, Hirsch and Zeltzer-Zubida, 2024), and

some journals, for example, Administrative Science Quarterly, provide guidelines to improve

transparency in qualitative research (see Online Appendix A). Our results provide an empiri-

cal baseline for tracking their adoption.

For the quantitative and experimental studies that constitute the majority of articles in

our sample, the case for stronger sharing requirements is more straightforward, and cross-

disciplinary evidence on their e�ects is now substantial. Two design choices are particularly

important. First, policies should distinguish between the mere deposit of materials and their

veri�ability. Our �nding that 56% of posted packages are not veri�able suggests that posting

alone, without verifying that the materials reproduce the published analysis, leaves much of

the potential bene�t unrealized. The use of dedicated data editors in economics journals o�ers

one concrete model. Second, policies should account for restricted-use and proprietary data,

which constitute a signi�cant share of sociological data sources. Rather than requiring full

deposit of all source materials, policies can specify what should be shared, such as cleaned

analysis datasets, code, and clear documentation of how the data can be accessed. Existing

standards, such as the Data and Code Availability Standard (Koren et al., 2022), provide useful

templates.
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A third design choice concerns mixed-methods research. Articles that combine quantita-

tive and qualitative approaches often fall between existing policy categories. Their quantita-

tive components can typically be shared using standard practices, whereas their qualitative

components may not. Our results suggest that the current outcome is often that neither is

shared. A practical compromise would be to require the deposit of quantitative components

under the same standards applied to purely quantitative work, while allowing qualitative com-

ponents to followwhatever transparency practices the �eld develops for that type of research.

5.5 Limitations

This study has several limitations. First, our sample is limited to three general-interest jour-

nals over �ve and a half years; patterns may di�er in specialized sub�eld journals or at other

tiers. The broad patternwe identify, with substantial gaps relative to neighboring �elds, along-

side upward trends and a clear policy signal in the SF case, is likely to generalize, but the pre-

cise levels may not. Second, our reproduction protocol is intentionally permissive: we correct

minor errors but do not re-execute data-cleaning pipelines. A stricter “push-button” stan-

dard would likely yield lower reproducibility rates. Third, our reproduction attempts focus

on results reported in the main text; reproducibility may di�er for supplementary analyses

or robustness checks. Fourth, our coding of qualitative articles shows that they do not pro-

vide the types of replication packages we audit, but it does not imply that their �ndings are

unveri�able in a broader sense. Appropriate transparency standards for qualitative research

remain an open question that our methodology cannot resolve. Finally, audits like this one

capture observable artifacts, namely what authors share and what can be reproduced, rather

than underlying behavior, such as what authors would be willing to share if asked or why they

choose not to. Survey evidence (Young and Horvath, 2015; Ferguson et al., 2023) o�ers com-

plementary insight into these issues, and integrating these approaches would be a valuable

direction for future research.

6 Conclusion

The �ndings reported here provide the �rst systematic, package-level baseline for tracking

sociology’s progress on data sharing and computational reproducibility. Three patterns stand

out. First, sociology shares far less than its quantitative neighbors: only 9.9% of articles in

our sample provide a publicly accessible replication package. This rate falls well below those

in political science, demography, and psychology, and is an order of magnitude lower than

in top economics journals. Second, sharing is uneven both within and across sociology, with

one journal, ASR, accounting for roughly 61.1% of all packages we identi�ed. Third, among

the small minority of articles that do share materials, more than half of the packages cannot

support an independent reproduction attempt.
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The picture is not entirely negative. No article in our sample is wholly non-reproducible at

the article level, and when authors provide complete materials, reproduction succeeds at rates

comparable to those reported in economics and management. The central issue in sociology

is not that its analyses fail to reproduce, but that very few analyses are made checkable in the

�rst place, and that those that are often lack the documentation needed to run them.

These two problems, low rates of sharing and low veri�ability, call for di�erent solutions.

The sharing problem responds to the journal policy. The experience of Social Forces follow-

ing its 2023 data availability statement, where posting more than quadrupled despite the ab-

sence of a deposit requirement, suggests that even relatively soft policies can shift behavior.

Stronger requirements, such as a mandatory deposit prior to publication and veri�cation by a

data editor, would likely have a larger e�ect. The veri�ability problem, by contrast, cannot be

solved by deposit alone. It requires that replication packages include working code, the neces-

sary data, and clear documentation linking scripts to published results. The data editor model,

now standard in leading economics journals, addresses both challenges simultaneously.

Designing standards that accommodate sociology’s methodological diversity is the key

task moving forward. The ASA Code of Ethics already recognizes that some forms of data

cannot be shared in conventional ways, and our �nding that no qualitative article in the sam-

ple provides a replication package re�ects, in part, professional norms that prioritize con�-

dentiality. The risk is that this recognition becomes a default exemption rather than a prin-

cipled boundary. E�ective standards would distinguish between quantitative and qualitative

components, specify what should be shared under which conditions, and align policy tools

with the problems they are intended to address. Such an approach would align sociology’s

transparency practices with the demands of its empirical claims, without imposing uniform

requirements on a discipline whose strength lies in its diversity.

Sociologists have debated transparency for at least two decades (Winship, 2007; Freese,

2007; Freese and Peterson, 2017; Weeden, 2023). The question is no longer whether trans-

parency matters, but how to implement it in practice. The �ndings reported here clarify both

the scale of the gap and the policy levers most likely to close it. Whether the discipline acts

on this evidence is now a decision for its leading journals.
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A Journal Policies

We reviewed the submission policies of 16 leading sociology journals listed in Table A.1 to

identify any references to data/code sharing and pre-registration (May 2026). Our sample

builds on the set of journals examined byWeeden (2023), which includes four general-interest

sociology journals (1–4) and seven journals in sub�elds or interdisciplinary areas with sub-

stantial overlap with sociology (7–13). We expanded this list by adding �ve additional high-

prestige journals, selected from the top of a widely cited reputational ranking of generalist

and specialist sociology journals, excluding two theory journals (McDonnell and Stoltz, 2020).

Table A.1: Policies on data and code sharing and preregistration among top sociology journals.

Data and code sharing Pre-registration

Generalist

1 American Sociological Review encouraged -
2 American Journal of Sociology encouraged informational
3 Social Forces encouraged* -
4 European Sociological Review encouraged* -
5 Sociological Science required encouraged*
6 Social Science Research encouraged -

Specialist

7 Demography encouraged* -
8 Administrative Science Quarterly required encouraged
9 Criminology - -
10 Gender & Society encouraged -
11 Social Problems encouraged -
12 Sociology of Education encouraged -
13 Social Networks encouraged -
14 Journal of Marriage and Family informational -
15 Sociological Methods & Research required encouraged*
16 Sociological Methodology encouraged -

Notes: Journals labeled encouraged* encourage data sharing or pre-registration but require only a data avail-
ability statement or disclosure. Sociological Research & Methodology (15) will require pre-registration beginning
in July 2026. Journals were classi�ed as informational when they mention open science practices without
actively encouraging them.
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1. American Sociological Review. The “Submission Guidelines” (accessed May 1, 2026)

include following statement.

Ethics: Submission of a manuscript to another professional journal while it is under re-

view by the ASR is regarded by the ASA as unethical. Significant findings or contribu-

tions that have already appeared (or will appear) elsewhere must be clearly identified.

All persons who publish in ASA journals are required to abide by ASA guidelines and

ethics codes regarding plagiarism and other ethical issues. This requirement includes

adhering to ASA’s stated policy on data-sharing: “As a regular practice, sociologists

share data and pertinent documentation as an integral part of a research plan. So-

ciologists generally make their data available a�er completion of a project or its ma-

jor publications, except where proprietary agreements with employers, contractors, or

clients preclude such accessibility or when it is impossible to share data and protect

the confidentiality of the research participants (e.g., field notes or detailed information

from ethnographic interviews)” (ASA Code of Ethics, 2018).

2. American Journal of Sociology. The “Manuscript Submission Information” (accessed

May 1, 2026) includes the following statement.

Data Access and Reproducibility: It is expected that papers that involve numerical

data analysis will share the analytic code with the journal upon acceptance or at the

request of reviewers, and will make a statement about whether or not they make their

data, in whole or in part, sharable. This does not apply to data produced from in-depth

interviews or observational studies.

◦ For more information, please see Further Guides for Submission.

4. Open Science I: Code. It is not now a requirement that articles that do formal

(statistical) data analysis share their code and data. However, we now consider it ex-

pected that code be archived in the Dataverse account associated with the AJS—even

if the data allowing reproduction is not. We do understand that not all researchers,

especially early-career ones, proceed in a su�iciently mechanical fashion to make this

always appropriate, but we think that it is in almost all cases consonant with current

best practices that researchers preserve a log that allows them to share the code. You

do not need to comment it or make it useful to others (especially if you cannot share

your data); simply allowing others to confirm that there is no disagreement between

what you say you did and what you did will be a big step forward. It will be expected,

but not required, that such code be given upon submission of the final dra� as a con-
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dition of acceptance. If you do not wish to share your code, you should say upon first

submission that you will not share your code and explain why. A great paper that has

a good reason for not sharing code can certainly be published. But, all other things

being equal, we will tend to prefer submissions that share the code. You will retain

copyright over the code.

5. Open Science II: Data. There are four possibilities for the type of data used in

a standard quantitative paper: (1) public data to which all have, with minimal e�ort,

access (e.g., the GSS, ANES, and so on); (2) shared data with some restriction (e.g.,

more sensitive information from GSS or Add-Health); (3) proprietary data collected

by individuals or small groups who have agreed to share it with you (as the author);

(4) data you have collected yourself. In possibility (1), you need not share your data,

and in possibility (2), you cannot share it. For (3), you are of course beholden to those

who generated the data, but we strongly ask you to try to get permission from them

to make the data, even if in simplified form, public. We are always concerned at the

use of data that neither you, nor your reviewers, knows inside and out. For (4), it is

not necessary that you share the data you have gathered—and this definitely does not

apply to ethnographic data or in-depth interview data, in which sharing the data may

identify respondents and is not in keeping with standard practices. However, we will

tend to prefer, and trust, papers based on data that you are willing to share. Further,

you might consider that the AJS is the appropriate paper for the capstone piece of your

project, something that would be published just around the time when you are ready

to share the data with others.

If you are indeed willing to share the data, you should say so upon first submission,

as the reviewers and/or editorial board may take this into account. “Sharing the data”

does not mean that you will have a footnote saying that readers can contact you for

the data—it means placing it in the Dataverse archives that are associated with the

AJS, and including a link/reference in your article.

6. Open Science III: Pre-registration. In no way is pre-registration required or even

in all cases favored. However, particularly in experimental work where e�ect hetero-

geneity is being explored, pre-registration helps reviewers tell the di�erence between

a very well fleshed out theoretical understanding (on the one hand) and post-hoc ex-

planations of the failure of the e�ect to hold more generally (on the other). Post-hoc

explanation is not necessarily a bad explanation, but statistics from multiple tests are

di�erent from statistics for single tests, and reviewers and readers need to know which

they have before them. And pre-registration is not about guessing the right lo�o num-

bers: If you pre-register a hypothesis and then find the opposite, this may turn out to
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be a very successful project and produce an interesting paper.

3. Social Forces. The “Author guidelines” (accessed May 1, 2026) include the following

statement.

Availability of data and materials

Where ethically feasible, the Journal strongly encourages authors to make all data

and so�ware code on which the conclusions of the paper rely available to readers.

Authors are required to include a data availability statement in their paper. When

data and so�ware underlying the research article are available in an online source,

authors should include a full citation in their reference list. For details of the minimum

information to be included in data and so�ware citations see the OUP guidance on

citing research data and so�ware.

Whenever possible, data should be presented in the main manuscript or additional

supporting files or deposited in a public repository. Visit OUP’s Research data page

for information on general repositories for all data types, and resources for selecting

repositories by subject area.

Data availability statement

The inclusion of a data availability statement is a requirement for papers published

in the Journal. Data availability statements provide a standardized format for readers

to understand the availability of original and third-party data underlying the research

results described in the paper. The statement should describe and provide means of

access, where possible, by linking to the data or providing the required unique identi-

fier.

More information and example data availability statements.

4. European Sociological Review. The “Information for Authors” (accessed May 1, 2026)

states the following.

Availability of Data and Materials

Where ethically feasible, European Sociological Review strongly encourages authors to

make all data and so�ware code on which the conclusions of the paper rely available to

readers. Authors are required to include a Data Availability Statement in their article.

This policy applies to all papers submi�ed to the journal on or a�er 5 September 2022.
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We suggest that data be presented in the main manuscript or additional supporting

files or deposited in a public repository whenever possible. Information on general

repositories for all data types, and a list of recommended repositories by subject area,

is available here.

Data Availability Statement

The inclusion of a Data Availability Statement is a requirement for articles published

in European Sociological Review. Data Availability Statements provide a standardised

format for readers to understand the availability of data underlying the research re-

sults described in the article. The statement may refer to original data generated in

the course of the study or to third-party data analysed in the article. The statement

should describe and provide means of access, where possible, by linking to the data or

providing the required unique identifier.

The Data Availability Statement should be included in the endma�er of your article

under the heading ‘Data availability’.

More information and example Data Availability Statements can be found here.

5. Sociological Science. The “Reproducibility Policy” (accessed May 1, 2026) states the

following.

Over the last decade, we have witnessed a crisis in science in which many admired

research studies have been overturned or found non-replicable. Researchers increas-

ingly recognize that publication itself does not imply that findings are robust, and the

public has questioned the credibility of social science research. In order to advance the

credibility of sociological research, Sociological Science has adopted a reproducibility

policy.

Starting with submissions received a�er April 1, 2023, authors of articles relying on

statistical or computational methods will be required to deposit replication packages

as a condition of publication in Sociological Science. Replication packages must con-

tain both the statistical code and — when legally and ethically possible — the data

required to fully reproduce the reported results. With this policy, Sociological Science

hopes other high-impact journals in Sociology will follow suit in se�ing standards for

reproducibility of published work.

In addition to depositing replication packages, papers relying on experimental meth-

ods must adhere to the disclosure and pre-registration requirements outlined in the
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journal’s Policy on Findings from Experimental Data below.

Under many legitimate circumstances, data cannot legally or ethically be made avail-

able to readers. When authors cannot make their data available, they must explain

why in the main text of the paper. In such cases, making code and other materials

available is still required, unless doing so would violate legal or ethical constraints.

Researchers using qualitative data, such as interviews or participant observation data,

are not required to submit a replication package. We encourage authors to make quali-

tative data available when possible, and urge them to consider whether materials such

as interview protocols or coding schemes can be shared.

Replication packages are not required at the time of submission and are not part of

the editorial review. The packages are only required if a paper is accepted, and shall be

deposited when authors return their publication agreement. However, authors must

clearly state in their submission that they either meet this standard or are claiming

an exemption. Sociological Science considers this transparency statement to be an

important element of the article.

Policy on Findings from Experimental Data Published in Sociological Science

These policies for findings from data from experiments are in addition to those for the

provision of data and code discussed in the general policy for the transparency and

credibility of work published in Sociological Science.

(1) Disclosure expectations

For results from experiments, Sociological Science expects that the discussion of meth-

ods, results, or an appendix includes mention of (a) all outcomemeasures collected and

analyzed for the article’s target research question; (b) all independent variables or ex-

perimental manipulations analyzed for the research questions, whether successful or

not; and (c) the total number of observations for which experimental data was collected

but are excluded from analyses, along with the reasons for exclusion.

(2) Pre-registration

Sociological Science requires authors of papers that include originally collected experi-

mental data and present findings from those experiments as testing hypotheses (i.e., as

“confirmatory” rather than “exploratory” research) to indicate explicitly whether those

experiments were pre-registered.
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For an experiment to be pre-registered, it must have been provided to an indepen-

dent online registry prior to data collection, and it must include specific information

about the planned analyses in addition to the experimental design and hypotheses.

The Open Science Framework provides both an example of a recommended registry

and a recommended template for the information to be included in a pre-registration.

Manuscripts reporting pre-registered experiments must report all preregistered anal-

yses in the body of the manuscript or in an appendix, note all deviations from the

preregistered analysis plan, and clearly distinguish analyses that were preregistered

from those that were not.

An anonymized version of this pre-registration must be included at the time of sub-

mission as additional materials available to reviewers. Apart from anonymization, the

pre-registration must be the same as that which was provided to the registry prior to

data collection.

A�er acceptance, the version of a studywith pre-registered experiments should include

a link to the online pre-registration in the version of the paper to be published.

This policy regarding pre-registration does not apply to secondary analyses of already-

existing experimental data, such as analyses of the various experimental items avail-

able in di�erent waves of the General Social Survey, so long as it is clear from the

text that the data were independently collected and already existed at the time of the

study.

6. Social Science Research. The “About the journal” section (accessed May 1, 2026) states

the following.

Research data

We are commi�ed to supporting the storage of, access to and discovery of research

data, and our research data policy sets out the principles guiding how we work with

the research community to support a more e�icient and transparent research process.

Research data refers to the results of observations or experimentation that validate re-

search findings, which may also include so�ware, code, models, algorithms, protocols,

methods and other useful materials related to the project.

Please read our guidelines on sharing research data formore information on depositing,

sharing and using research data and other relevant research materials.
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Research data deposit, citation and linking

For this journal, Option B instructions from our research data guidelines apply.

This means that you are encouraged to:

• Deposit your research data in a relevant data repository.

• Cite and link to this dataset in your article.

• If this is not possible, make a statement explaining why research data cannot be

shared.

Data statement

To foster transparency, you are encouraged to state the availability of any data at sub-

mission.

Ensuring data is available may be a requirement of your funding body or institution. If

your data is unavailable to access or unsuitable to post, you can state the reason why

(e.g., your research data includes sensitive or confidential information such as patient

data) during the submission process. This statement will appear with your published

article on ScienceDirect.

Read more about the importance and benefits of providing a data statement.

Data linking

Linking to the data underlying your work increases your exposure andmay lead to new

collaborations. It also provides readers with a be�er understanding of the described

research.

If your research data has been made available in a data repository there are a number

of ways your article can be linked directly to the dataset.

Read more about the importance and benefits of providing a data statement.

• Provide a link to your dataset when prompted during the online submission pro-

cess.

• For some data repositories, a repository banner will automatically appear next

to your published article on ScienceDirect.

• You can also link relevant data or entities within the text of your article through

the use of identifiers. Use the following format: Database: 12345 (e.g. TAIR:

AT1G01020; CCDC: 734053; PDB: 1XFN).
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Learn more about linking research data and research articles in ScienceDirect.

7. Demography. The “Ethics & Disclosures” section (accessed May 1, 2026) includes the

following statement.

Reproducibility and Data Availability Policy

Demography values transparency and reproducibility in scientific research. The journal

asks authors of accepted manuscripts to direct readers to an accessible repository

for the available data sources and implementation code. While Demography does not

maintain a repository for data or code, authors are asked to provide URL links with

persistent identifiers (e.g., DOIs or accession numbers) directing readers to their source

materials. In the following, we provide guidance for authors.

All accepted manuscripts must include a data availability statement confirming

whether and howdata have been shared. For data that are publicly available, this state-

ment should describe how the data can be accessed and include a persistent identifier,

such as a DOI or repository accession number. For data that are not publicly available,

authors must provide a description of the conditions limiting access to the data. These

conditions may include legal or ethical restrictions or proprietary discretion.

Demography encourages authors to adhere to FAIR data-sharing principles, which rec-

ognize that access to shared data may be restricted to protect confidential or pro-

prietary information, while still promoting data sharing in ways that are as open as

possible without compromising data use agreements.

Sample data availability statements illustrating typical scenarios are available upon

request from the Demography editorial o�ice, including examples for administrative

or remote data center (RDC) data, proprietary commercial data, and survey data held

by authors but not deposited in repositories.

Demography also encourages authors to provide, upon acceptance, reproducible code

to readers. When code is made available, the code statement should specify the so�-

ware version used to produce the results. The code itself should be clear and should

include informative comments explaining the purpose of each command or formula

and how these relate to the paper’s results.

Authors may direct readers to accessible repositories or archived URLs with persistent

identifiers for both data and code. Because Demography does not maintain its own

repository, authors are responsible for selecting appropriate repositories. Authors are
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invited to submit datasets to an appropriate discipline-specific or generalist repository.

Authors can find additional guidance and a list of repositories by exploring repository

registries such as FAIRsharing.org and re3data.org. This information is intended to

assist authors in meeting data- and code-sharing expectations as transparently and

straightforwardly as possible.

Demography does not edit or validate data or code. All data and code availability

statements will be included in published manuscripts following the Acknowledgments.

Whenmaterials are provided, the availability statement will include the following note

(as appropriate): “The author has provided data and code for replicating results.”

8. Administrative Science Quarterly. The “Data and method transparency” section (ac-

cessed May 1, 2026) states the following.

Ensuring the credibility of our research is central to the academic mission, and many

authors are searching for ways to demonstrate their willingness and desire to be trans-

parent about their research process. This is a collective responsibility. Our e�orts must

begin with doctoral education and teaching students to do rigorous, careful work with

the goal of developing deep knowledge of organizations and organizational processes.

To advance our collective goal of deeper understanding, we all must work together

to uphold standards of excellence, rigor, and credibility. The following policy was de-

signed with this mission in mind. More transparency in our articles helps all scholars

do be�er research. If our research is to be useful and built upon, it is essential for

other scholars to know how that research has been conducted and for readers to have

confidence in the findings.

All authors who submit to ASQ are required to explain how they will share su�icient

information regarding their data and methods to maximize readers’ understanding

and trust of their research e�orts while adhering to practices that are appropriate for

the types(s) of data and method(s) the authors employ. Before a paper is accepted for

publication in ASQ, authors are expected to ensure the proposed transparency plan has

been implemented. The following sets of guidelines are intended to communicate the

expectations for the policy as it applies to di�erent types of data and to help authors

in developing their proposed transparency plan.

We seek to balance two broad objectives: to support authors and to support trans-

parency in the research we publish. Recognizing that transparency can be achieved

in various ways, and to reflect the diversity of methods employed in ASQ articles, we

hope the following policy and guidelines for quantitative and qualitative data help au-
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thors be transparent and help readers understand how research was performed. Valu-

able knowledge accumulates more reliably and e�iciently when others can fully under-

stand, trust, and build on prior work. Authors are required to adhere to current best

practices for transparent data description as appropriate for their specific methodol-

ogy. This involves clearly documenting and communicating the nature, sources, and

limitations of the data used.

Policy and Guidelines for�antitative Data

Policy for Data and Code Sharing

We require that authors of accepted ASQ papers publicly share their data and code for

studies employing statistical or computational methods unless there is a compelling

reason not to do so. All quantitative data and code necessary to reproduce the results

reported in an article must be permanently archived in a secure, third-party data repos-

itory, such as Borealis, Dataverse, openICPSR, OSF, ResearchBox, or Zenodo. It is the

responsibility of authors to ensure that the data and code they post remains perma-

nently accessible. The code should be annotated so that readers can understand the

analyses. If original data were collected through experiments or surveys, the relevant

experimental stimuli or survey instruments should also be included. Prior to sharing

data, authors should remove any individually identifying or confidential information.

Authors are not required to provide these materials at the time of submission but must

post them publicly before final acceptance. At the time of submission, authors will be

required to respond to ASQ data transparency questions in order to indicate how they

will satisfy our policy and guidelines. These responses can be updated, if necessary,

when a revision is submi�ed. When data disclosure is inappropriate or infeasible, au-

thors should outline an alternative approach; consider these examples of alternative

approaches. Options might include sharing a subset of the data, providing a detailed

enough description of the data collection steps to enable other researchers to con-

struct a comparable dataset, or supplying precise instructions for accessing licensed

data, among other possible strategies. We recognize that ethical or legal considera-

tions might prohibit the dissemination of data. Ultimately, the paper should uphold

the principles of transparency; the final plan will be determined in conversation with

the handling editor.

Authors might propose a reasonable delay in the public posting of data to have more

time to benefit from their data collection e�ort. However, they must still share the

data with the editorial team prior to final acceptance. All parties downloading the

data must agree to use the data only to reproduce and explore the results in the paper.
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ASQ is not opposed to readers using shared data for other research purposes if and

when the original author expressly consents to such uses.

Guidelines for Pre-Registration

Our expectations about pre-registration take into account the diversity of methods

and types of data used in ASQ articles. While we do not require pre-registration, we

encourage it for experiments and original surveys, as pre-registration can strengthen

other scholars’ inferences about the research. For studies that test hypotheses using

data that has already been collected, we value pre-registration of analytical plans be-

fore analyses are conducted.

Pre-registrations are useful for identifying what aspects of a study should be consid-

ered deductive and what parts are not. ASQ is open to manuscripts that test theory

when designs permit but also engage in informed speculation based on unanticipated

results. Pre-registration helps authors and readers distinguish these intellectual objec-

tives. ASQ’s editorial team believes that we can advance knowledge by sharing posi-

tive, negative, and null results. We are, therefore, open to publishing studies based on

pre-registered analyses that produce either supported or unsupported hypotheses. We

ask authors to be transparent about which parts of a manuscript are consistent with

their pre-registered research design and analyses and which parts are not. At the time

of submission, you may share pre-registration by including a link in the manuscript to

anonymous materials housed on a site such as OSF or aspredicted.org.

When authors want or need to deviate from pre-registrations, they should disclose

this in the submission, keeping in mind that deviations do not make the study inade-

quate or necessarily invalidate the pre-registration. An editor or reviewers may request

follow-up action based on such information, such as asking to see results from both

pre-registered and exploratory analyses.

Policy and Guidelines for�alitative Research

Policy for�alitative Research

It is important for authors to explain why the se�ing chosen is appropriate to answer

their research question, the process by which data were collected, the steps taken to

analyze the data, and how their findings and the theory generated emerged from the

data they collected.

We require that authors state clearly in the methods section where the study took

place, when the data were collected (i.e., months/years in which di�erent sources of
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data were collected), which types of data were collected and for what purposes, and

who collected the data. Authors should communicate what population of study the

findings are based on, as well as the reasoning for choosing that population. When

presenting data gathered from di�erent people, occupations, groups, or organizations,

the use of confidential identifiers or pseudonyms provides data transparency without

compromising confidentiality. Such identifiers help the reader trace the distribution

or preponderance of evidence throughout the manuscript and assure readers that the

data in the manuscript are not elicited from a single place, person, day, or field visit.

When data collection involves interviews, we expect an appendix with an interview

protocol and an anonymized description or table of interview.

Guidelines for Transparency in Data Collection and Analysis

We do not advocate any particular approach to conducting qualitative research or an-

alyzing qualitative data; the suggestions below are intended as broad guidelines for

improving transparency. Transparency invites your editor and reviewers along with

you on the process of discovery and can simplify the reviewing process.

There are many approaches to the analysis of qualitative data. Be clear about the ap-

proach you chose and why it is appropriate given your data and research question.

In the methods section, share information about how you organized, interpreted, and

coded the data using examples of how your coding framework emerged from the data.

Communicate honestly and concisely with journal readers to make your theorizing

process transparent in terms of the moves taken to advance from data analyses to de-

veloping theory. Such an explicit account might explain how you developed insights

or made discoveries and what drove the process of theorizing from the data analyzed.

The explanation of the analytic steps taken should have a relationship to how the find-

ings are presented – so that readers can map the methodological approach described

to the findings presented.

Tables and figures can also be helpful to support your detailed textual descriptions of

data collection and analysis but are not required. Supporting tables that organize and

document the di�erent types of data gathered can be useful for readers, especially for

studies with complex data collection e�orts with di�erent sources over time. Creative

visualizations can help display your data and enhance the transparency of analysis.

Be as clear as possible about how the stated findings are supported by the data gath-

ered. Your claims regarding findings should all be supported by data, and you should

make clear to the reader how the raw data produced the interpretation presented.

There aremanyways to achieve this. We encourage sharing rich data in themanuscript
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text, such as full quotations and descriptions of events observed. Any supporting ta-

bles should o�er additional but not duplicative examples. If mixed methods are used,

it is important to specify which methods address which research questions and ensure

that the rationale for using multiple methods is clear and justified.

9. Criminology. The “Author Guidelines” (accessed May 1, 2026) do not specify any policy

regarding data and code sharing.

10. Gender & Society. The “Submission guidelines” (accessed May 1, 2026) state the fol-

lowing.

Data availability

The Journal is commi�ed to facilitating openness, transparency and reproducibility

of research, and has the following research data sharing policy. For more information,

including FAQs please visit the Sage ResearchData policy pages. Subject to appropriate

ethical and legal considerations, authors are encouraged to:

• Share your research data in a relevant public data repository

• Include a data availability statement linking to your data. If it is not possible to

share your data, use the statement to confirm why it cannot be shared.

• Cite this data in your research

11. Social Problems. The “Instructions to Authors” (accessed May 1, 2026) state the fol-

lowing.

Availability of Data and Materials

Where ethically feasible, Social Problems strongly encourages authors to make all data

and so�ware code on which the conclusions of the paper rely available to readers. We

suggest that data be presented in the main manuscript or additional supporting files or

deposited in a public repository whenever possible. Information on general repositories

for all data types, and a list of recommended repositories by subject area.

Data and So�ware Citation

Social Problems supports the Force 11 Data Citation Principles and the recommenda-

tions of the FORCE11 So�ware Citation Implementation Group. When data and so�-

ware underlying the research article are available in an online source, authors should

include a full citation in their reference list.
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For details of the minimum information to be included in data and so�ware citations

see the guidance on Citing research data and so�ware.

12. Sociology of Education. The “Submission guidelines” (accessed May 1, 2026) state the

following.

Ethics: Submission of amanuscript to another professional journal while it is under re-

view by SOE is regarded by the ASA as unethical. Significant findings or contributions

that have already appeared (or will appear) elsewhere must be clearly identified. All

persons who publish in ASA journals are required to abide by ASA guidelines and ethics

codes regarding plagiarism and other ethical issues. This requirement includes adher-

ing to ASA’s stated policy on data-sharing: “As a regular practice, sociologists share

data and pertinent documentation as an integral part of a research plan. Sociologists

generally make their data available a�er completion of a project or its major publi-

cations, except where proprietary agreements with employers, contractors, or clients

preclude such accessibility or when it is impossible to share data and protect the con-

fidentiality of the research participants (e.g., field notes or detailed information from

ethnographic interviews)” (ASA Code of Ethics, 2018).

13. Social Network. The “Guide for authors”(accessed May 1, 2026) states the following.

Research data

We are commi�ed to supporting the storage of, access to and discovery of research

data, and our research data policy sets out the principles guiding how we work with

the research community to support a more e�icient and transparent research process.

Research data refers to the results of observations or experimentation that validate re-

search findings, which may also include so�ware, code, models, algorithms, protocols,

methods and other useful materials related to the project.

Please read our guidelines on sharing research data formore information on depositing,

sharing and using research data and other relevant research materials.

Research data deposit, citation and linking

For this journal, Option B instructions from our research data guidelines apply.

This means that you are encouraged to:
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• Deposit your research data in a relevant data repository.

• Cite and link to this dataset in your article.

• If this is not possible, make a statement explaining why research data cannot be

shared.

Research data

This journal encourages and enables you to share data that supports your research pub-

lication where appropriate, and enables you to interlink the data with your published

articles. Research data refers to the results of observations or experimentation that

validate research findings, which may also include so�ware, code, models, algorithms,

protocols, methods and other useful materials related to the project.

Below are a number of ways in which you can associate data with your article or make

a statement about the availability of your data when submi�ing your manuscript. If

you are sharing data in one of these ways, you are encouraged to cite the data in your

manuscript and reference list. Please refer to the “References” section for more infor-

mation about data citation. For more information on depositing, sharing and using

research data and other relevant research materials, visit the research data page.

Data linking

If you have made your research data available in a data repository, you can link your

article directly to the dataset. Elsevier collaborates with a number of repositories to link

articles on ScienceDirect with relevant repositories, giving readers access to underlying

data that gives them a be�er understanding of the research described.

There are di�erent ways to link your datasets to your article. When available, you can

directly link your dataset to your article by providing the relevant information in the

submission system. For more information, visit the database linking page.

For supported data repositories a repository banner will automatically appear next to

your published article on ScienceDirect.

In addition, you can link to relevant data or entities through identifiers within the text

of your manuscript, using the following format: Database: xxxx (e.g., TAIR: AT1G01020;

CCDC: 734053; PDB: 1XFN).

Research elements

This journal enables you to publish research objects related to your original research
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– such as data, methods, protocols, so�ware and hardware – as an additional paper in

a Research Elements journal.

Research Elements is a suite of peer-reviewed, open access journals which make your

research objects findable, accessible and reusable. Articles place research objects into

context by providing detailed descriptions of objects and their application, and linking

to the associated original research articles. Research Elements articles can be prepared

by you, or by one of your collaborators.

During submission, you will be alerted to the opportunity to prepare and submit a

manuscript to one of the Research Elements journals.

More information can be found on the Research Elements page.

Data statement

To foster transparency, we encourage you to state the availability of your data in your

submission. Thismay be a requirement of your funding body or institution. If your data

is unavailable to access or unsuitable to post, you will have the opportunity to indicate

why during the submission process, for example by stating that the research data is

confidential. The statement will appear with your published article on ScienceDirect.

For more information, visit the Data Statement page.

14. Journal of Marriage and Family. The “Journal of Marriage and Family (JMF) Style

Guide” (accessed May 1, 2026) states the following.

Online Supporting Materials

Analyses (or other information, including data and/or code) that are not essential to the

printed article, but that are necessary to provide useful information about the dataset

and measures or support the rationale for the analytic approach, can be submi�ed as

appendixes and published in the online version of the article. The online availabil-

ity of supporting material should be stated in the manuscript. Author guidelines for

preparing supporting material, including acceptable formats and file sizes, are avail-

able online at Wiley Author Services. The online supplemental appendix should be no

more than 10 pages in length.

15. Sociological Methods & Research. The “Submission guidelines” (accessed May 1,

2026) state the following.
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Open Science Policy

SMR is a signatory to the TOP Guidelines for open science, designed to promote re-

search transparency and increase public trust in science.

SMR’s Open Science Policy applies to all manuscripts submi�ed a�er June 1, 2025.

Data, code, and materials sharing

SMR requires that the data, code, and materials used to produce the manuscript’s

empirical, simulation, and methodological results are clearly documented and openly

accessible. Typically, authors will share a well-documented replication package (con-

taining their data, code, and materials and a README file) openly in a trusted public

repository. Openly sharing data, code, and materials improves the transparency of

and trust in sociological science and enables the validation, reproduction, replication,

reanalysis, and reinterpretation of sociological studies.

Exceptions to this requirement are noted below.

At submission

At submission, authors must provide their anonymized code and materials for peer

review. Optionally, authors may also share their data at submission.

Reviewers will receive author’s code/materials/data only a�er agreeing to review the

manuscript and confirming that they will access code/materials/data confidentially

and solely for purposes of review.

Authors must include an availability statement disclosing where anonymized code and

materials (and, optionally, data) can be accessed for peer review. If data are not shared

at submission, the availability statement must also disclose how data will be shared if

the paper is accepted and/or justify clearly if exceptions apply.

Acceptable ways to share code, materials, and (optionally) data at submission:

• Authors deposit code and materials in a repository that allows for anonymous

link sharing (see recommended repositories), then include the anonymous link

to the code/materials in the submi�ed manuscript. This is the preferred method.

• Authors include an Anonymous GitHub link to the code/materials in the

manuscript submission.*

• Authors include code/materials by uploading them as supplementary material

with the manuscript submission during Step 2 of the submission process. Only

.pdf, .txt, or .docx files are acceptable.*
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* If the paper is accepted, code and materials must be moved to a trusted data reposi-

tory prior to publication. If shared via GitHub, they may be archived via Zenodo prior

to publication.

Unacceptable ways to submit code, materials, and data at submission:

• Authors include supplementary material as files other than .pdf, .txt, or .docx

with their manuscript submission.

• Authors include a link to a personal, institutional, unanonymizedGitHub, CRAN,

or any other web page that contains personal or institutional information about

any of the authors.

Before acceptance

Prior to acceptance for publication, authors must make their data, code, and materials

openly available via a trusted public repository (see recommended repositories). SMR

does not generally accept that data, code, or materials are exclusively available “upon

request from the authors,” or are exclusively shared via authors’ GitHub or personal

webpages. However, authors may permanently archive their GitHub repository on

Zenodo.

Prior to acceptance, all manuscripts must update their availability statement to dis-

close how the study data, code, and materials can be permanently accessed. If excep-

tions apply, the reasons must be stated clearly in the availability statement, along with

instructions and/or conditions for access.

Exceptions

Data, code, and materials should be shared as openly as possible while respecting legal

and ethical constraints. Exceptions should be applied minimally. Exceptions will o�en

apply only to part of the data, while the rest of the data, code, and materials can be

shared openly.

If exceptions apply, the manuscript’s availability statement must (a) clearly state the

reasons and (b) include instructions and/or conditions for accessing the data, code, and

materials to the fullest extent possible.

SMR permits the following exceptions:

• Publicly available data, code, and materials

– Many commonly used source datasets, code packages, and study materials
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are already permanently archived by another provider (e.g., PSID data and

codebooks, R packages on CRAN).

– Authors using publicly available source data, code, and materials must pro-

vide detailed instructions for access in their availability statement.

– Even if source data are publicly available, authors should still post their

derived analytic dataset, and authors must provide the complete code that

derived the analytic dataset from the source data.

– Some public datasets, such as the PSID or Population Registers, have ex-

isting policies and procedures regarding data sharing that restrict authors’

ability to share the source data or derived analytic dataset openly in a pub-

lic repository. Authors should comply with the sharing policy of the data

provider.

• Proprietary data, code, and materials

– When proprietary data, code, and materials may not legally be shared by

the authors, the authors must provide all information necessary to apply

for access in their availability statement.

– Authors must share openly in a public repository any subset of proprietary

data, code, and materials that they are allowed to share.

• Sensitive or restricted data, code, and materials

– If sensitive data, code, and materials can be fully de-identified or

anonymized with reasonable e�ort, then the de-identified or anonymized

version should be shared with open access via a public repository, barring

other exceptions.

– If sensitive data, code, or materials cannot reasonably be de-identified or

anonymized, authors should:

1. Share the sensitive portion of the data, code, or materials in a public

repository with restricted access if that is possible (see recommended

repositories).

∗ Authors must note access restrictions in their availability state-

ment and provide detailed instructions for access.

∗ When sharing data, code, or materials with restricted access, ac-

cess should be managed by a third party (typically the repository)

rather than the authors. SMR does not generally accept that data,

code, or materials are exclusively “available upon request from the

authors.”

2. Openly share any non-sensitive portions of the data in a trusted repos-

itory.

For example: Consider a qualitative manuscript that presents verba-
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tim quotations as evidence, but full field notes or interview transcripts

cannot legally or ethically be shared. The authors should share longer

passages around the direct quotations via a trusted repository to pro-

vide additional context.

3. If data, code, or materials cannot be shared via methods (a) or (b) (e.g.,

if the consent process for a study, IRB conditions, or data use agree-

ments prohibit sharing in a public repository with or without restricted

access), then the availability statement must explain this, along with

where, how, and under what conditions access can be gained, if at all

possible. (For example, access to a replication package that contains

data from national population registers and is hosted in a secure en-

clave may be available only to researchers a�iliated with a university

in a particular country, upon application to a specific o�ice.)

• Inquiries about exceptions to the data, code, and materials sharing policy, other

than those listed above, must be communicated and explained to the editors at

the time of submission via the cover le�er andwill be evaluated on a case-by-case

basis.

Inquiries about exceptions to the data, code, and materials sharing policy, other than

those listed above, must be communicated and explained to the editors at the time of

submission via the cover le�er and will be evaluated on a case-by-case basis.

Data format and permissions

The data may be shared in any standard format (e.g., .dta, .txt, .R, .csv), preferably

readable by free (open source) so�ware. SMR encourages authors to use field- and

method-specific guidelines for preparing data and code for sharing. See the FAIRshar-

ing website for guidance.

Authors are responsible for ensuring that their replication package is usable and well-

documented. The Econometrics Society provides some guidance and best practices for

preparing your data and code in an organized and well-documented replication pack-

age. Social Science Data Editors provides an excellent template README for replica-

tion packages.

Authors are responsible for having appropriate rights to (re)distribute data.
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Examples of availability statements for data, code, and materials

Data, code, and materials availability statements may be combined (e.g. if the data,

code, and materials are all shared via one repository link).

Examples of data availability statements:

• The datasets generated and/or analyzed during this study are available in the

[REPOSITORY NAME] repository, [PERSISTENT WEB LINK TO DATASETS].

• The datasets generated and/or analyzed during this study are not publicly avail-

able due to [REASON WHY DATA ARE NOT PUBLIC]. However, they can be

accessed in the [REPOSITORY NAME] repository, [PERSISTENT WEB LINK TO

DATASETS], with the following restrictions: [LIST OF RESTRICTIONS].

• The data were used under license from [DATA PROVIDERNAME] for the current

study and are not publicly available. However, the data can be accessed using

the following instructions: [DETAILED INSTRUCTIONS FORACCESSINGDATA

INCL. WEBSITE/EMAIL].

• Data sharing is not applicable to this article as no data were generated or ana-

lyzed during this study.

• All data generated or analyzed during this study are included in this published

article.

Examples of code availability statements:

• The code used during this study and documentation for the code are available

in the [REPOSITORY NAME] repository, [PERSISTENT WEB LINK TO CODE].

• All code used during this study is included in this published article.

• The code was used under license from [THIRD PARTY NAME] for the current

study and is not publicly available. However, the code can be accessed using the

following instructions: [DETAILED INSTRUCTIONS FOR ACCESSING CODE].

Examples of materials availability statements:

• The [NAMEOF STUDYMATERIAL] used during the current study is available in

the [REPOSITORYNAME] repository, [PERSISTENTWEB LINK TODATASETS].

• All materials used during this study are included in this published article.

• The [NAMEOF STUDYMATERIAL] was used under license from [THIRD PARTY

NAME] for the current study and are not publicly available. However, the [NAME

OF STUDY MATERIAL] can be accessed using the following instructions: [DE-

TAILED INSTRUCTIONS FOR ACCESSING STUDY MATERIAL].
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Recommended repositories

Trusted public repositories adhere to policies that make data discoverable, accessible,

and usable. They also provide for long-term preservation and assign unique and per-

sistent identifiers (DOIs) (see TOP Guidelines, Lin et al. 2020)

Here is a list of recommended trusted public repositories. Authors can search for other

data repositories at the FAIRsharing website or the Registry of Research Data Reposi-

tories.

Data citation

Authors must formally cite datasets in the body of the text and include them in the

References section. Dataset citation ensures proper credit for data collectors and rec-

ognizes the value of datasets as first class research objects similar to scholarly publica-

tions. Dataset references should follow the Datacite format and include a permanent

DOI identifier, repository name, and dataset version number (if applicable). For exam-

ple:

Freese, Jeremy (2018): 2014-18 NCAA Women’s Lacrosse Scores. figshare. Dataset.

https://doi.org/10.6084/m9.figshare.6160451.v1

Lundberg, Ian (2023): Class exercise: Predicting income mobility in PSID. PSID Pub-

lic Data Extract Repository at the Inter-university Consortium for Political and Social

Research. Dataset. https://doi.org/10.3886/E185941V2.

Citations to author-generated datasets should follow SMR’s self-citation policy.

Preregistration

SMR encourages authors of confirmatory empirical research to preregister their study

and/or analysis plan with an independent institutional registry.

All manuscripts must include a preregistration statement, placed immediately before

the Data, Code, and Materials availability statement, that states whether or not the

study was preregistered.

SMR publishes both confirmatory (i.e., hypothesis-testing) and exploratory or induc-

tive empirical analyses—o�en within the same manuscript. Preregistration helps dis-

tinguish confirmatory from exploratory analyses and can strengthen the credibility of
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confirmatory claims. Preregistration intends to curtail the misrepresentation of post-

hoc hypotheses as ex-ante.

Preregistration involves registering the study design, hypotheses, coding of key vari-

ables, sample inclusion/exclusion criteria, and planned analyses prior to collecting or

receiving the data and conducting the research.

Preregistration is especially helpful for confirmatory research that collects new data

or uses administrative or restricted data that provide a verifiable record of time of first

access. SMR recognizes the di�iculty of credibly preregistering analyses of publicly

available secondary data.

Major preregistration registries include ClinicalTrials.gov, the American Economic As-

sociation’s registry of randomized clinical trials, the Open Science Framework registry,

Evidence in Governance and Politics’ registry, and the Registry for International De-

velopment Impact Evaluation.

Manuscripts presenting preregistered analysesmay also include non-preregistered and

exploratory analyses if these are transparently labeled.

Starting July 2026, SMR will require preregistration for all newly submi�ed

manuscripts reporting randomized controlled trials, including field, lab, and survey

experiments.

Preregistration statements and disclosures

• For manuscripts not reporting empirical results:

– The preregistration statement states that the manuscript does not contain

empirical results.

• For manuscripts reporting empirical results:

– The preregistration statement states whether or not the study and/or anal-

ysis plan were preregistered.

– Manuscripts without preregistration may explain why, for example by not-

ing that the presented empirical analyses are exploratory, inductive, or illus-

trative, or use publicly available data that already existed before the study

was begun.

– For preregistered studies:

∗ Manuscripts must report all preregistered analyses in the body of the

manuscript or in an appendix, note all deviations from the preregis-

tered analysis plan, and clearly distinguish analyses that were prereg-
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istered from those that were not.

∗ At submission:

· The preregistration statement must state when the study was pre-

registered (i.e. prior to the start of data collection, prior to the

receipt of any data, or prior to the receipt of outcomes data).

· Authorsmust provide an anonymized version of the preregistration

materials as a supplementary document in the online submission

system or via an anonymized link to an institutional registry.

∗ Prior to acceptance:

· The preregistration statement must include a link to the time-

stamped registration at the institutional registry.

Examples of preregistration statements

• This study/analysis plan was preregistered with [NAME OF REGISTRY] prior to

the start of data collection/prior to the receipt of any data/prior to the receipt

of outcomes data. The registration can be viewed at [LINK TO TIME-STAMPED

REGISTRATION]. All analyses reported in the paper that were not preregistered

have been clearly noted as such.

• This study was not preregistered.

• This study was not preregistered because it does not report empirical results.

Starting July 2026, SMR will require preregistration for all newly submi�ed

manuscripts reporting randomized controlled trials, including field, lab, and survey

experiments.

Considerations for qualitative studies

SMR’s Open Science Policy applies to all studies. SMR recognizes that data sharing,

data citation, and preregistration have a longer history in quantitative research. The

�alitative Data Repository has resources and best practices specific to sharing quali-

tative data. The Center for Open Science has guidance for the preregistration of qual-

itative studies.

Definitions

Data

Data refers to the cleaned analytic dataset, text corpus, interview transcripts, and field

notes used to produce the results reported in the manuscript. (Alternatively, authors

may provide the larger source dataset(s) from which the analytic dataset(s) was de-
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rived).

Code

Code refers to all user-wri�en so�ware programs, scripts, and coding schemes used to

produce (a) the analytic dataset from the source data, and (b) all empirical, method-

ological, and simulation results, including all tables and figures, reported in the

manuscript.

Materials

Materials refers to data collection and documentation materials, such as survey instru-

ments, codebooks, interview guidelines, etc.

16. Sociological Methodlogy. The “Submission guidelines” (accessed May 1, 2026) state

the following.

Ethics: Submission of amanuscript to another professional journal while it is under re-

view by SOE is regarded by the ASA as unethical. Significant findings or contributions

that have already appeared (or will appear) elsewhere must be clearly identified. All

persons who publish in ASA journals are required to abide by ASA guidelines and ethics

codes regarding plagiarism and other ethical issues. This requirement includes adher-

ing to ASA’s stated policy on data-sharing: “As a regular practice, sociologists share

data and pertinent documentation as an integral part of a research plan. Sociologists

generally make their data available a�er completion of a project or its major publi-

cations, except where proprietary agreements with employers, contractors, or clients

preclude such accessibility or when it is impossible to share data and protect the con-

fidentiality of the research participants (e.g., field notes or detailed information from

ethnographic interviews)” (ASA Code of Ethics, 2018).
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B Additional Materials

B.1 Keyword List

Table B.1: Keywords used for the full-text search.

1 experiment 31 open data

2 laboratory 32 data is available

3 field 33 dataverse

4 laboratory experiment 34 openicpsr

5 field experiment 35 figshare

6 online experiment 36 qualitative data repository

7 survey experiment 37 qdr.

8 audit stud 38 analysis plan

9 vignette 39 pre-analysis plan

10 mechanical turk 40 pap

11 prolific 41 pap.

12 replicat 42 pre regist

13 intervention 43 preregist

14 randomized trial 44 pre-regist

15 randomized control trial 45 register

16 rct 46 registration

17 rct. 47 aea rct

18 quantitative 48 aearct

19 analytic strategy 49 socialscienceregistry

20 analytic approach 50 open science framework

21 dependent variable 51 osf

22 qualitative 52 osf.

23 interview 53 aspredicted

24 interview with 54 evidence in governance and politics

25 in-depth 55 egap

26 field work 56 ridie

27 fieldwork 57 clinicaltrials

28 ethnograph

29 mixed method

30 simulat

Notes: denotes a white space.
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B.2 Reproduction Procedure

We describe the computational environment in which the replication packages were executed

and clarify the scope of the reproducibility checks reported in the main text. All replications

were conducted by one of the authors between fall 2024 and winter 2025.

B.2.1 Computing environment

Replicationswere performed on anApple SiliconMac (aarch64-apple-darwin20 (64-bit)).

We used the software versions listed below.

• StataNow/SE 18.5 for Mac (Apple Silicon), revision 07 August 2024.

• R 4.3.1 (2023-06-16) "Beagle Scouts"

• RStudio 2023.12.0+369 "Ocean Storm"

R packages required by individual replication packages were installed on demand, using

the version available on CRAN at the time of replication.

B.2.2 Scope of the reproducibility checks

Two scope restrictions were applied uniformly across all packages.

Main-text results only. We attempted to reproduce only the �gures and tables from the

main text of each article. Several articles place additional analyses in an appendix that is bun-

dled with the manuscript �le rather than in a separate online supplement. We excluded those

appendix-only results from the reproducibility assessment. Our results, therefore, re�ect the

reproducibility of the headline empirical content, not of every output the authors produced.

Cleaned (analysis-ready) datasets. A number of packages provide both the raw data and

the scripts needed to construct an analysis-ready dataset from them, along with the analysis-

ready dataset itself. In these cases, we started from the analysis-ready dataset rather than

re-running the data construction pipeline. This decision re�ects a time constraint and means

that any errors introduced during data construction would not be detected by our procedure.

We treat data-construction reproducibility as out of scope for the present study and leave it

to future work.

No additional downloading. We conducted all reproduction attempts using only the data,

code, and materials contained within each replication package. In some cases, README �les

direct users to download additional external data or resources. Retrieving such materials was

beyond our scope, and we did not incorporate them into the reproduction process.
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B.3 Classi�cation Criteria: Research Type

• Observational studies: Research that uses non-experimental data and quantitative

methods. Non-experimental data include large-scale surveys (e.g., the General Social

Survey, National Longitudinal Survey of Youth), original author-collected surveys, cen-

sus data, administrative records, and quanti�ed qualitative data (e.g., text analysis).

Quantitative methods are broadly de�ned as mathematical or statistical techniques.

Simulations are classi�ed as observational if they incorporate any of these data sources;

simulations based solely on arti�cial data are placed in the “Other” category.

• Qualitative studies: Research that relies on qualitative methods such as interviews,

�eldwork, archival work, narrative analysis, interpretation of meaning, or textual anal-

ysis. In our sample, all qualitative studies draw on qualitative data, including interview

transcripts and ethnographic �eld notes.

• Experimental studies: Research that uses experimental data and quantitative meth-

ods. Experimental data involve some form of manipulation in the data-generating pro-

cess. Examples include online survey experiments, audit studies, and �eld experiments,

many of which rely on randomized interventions.

• Mixed methods: Articles are classi�ed as mixed methods when they involve at least

two distinct analyses combining quantitative and qualitative approaches (or a mix of

observational/experimental and qualitative methods). While mixed methods lack a uni-

versal de�nition (Small, 2011), we adopt this criterion because distinguishing between

quantitative and qualitative analyses is essential for evaluating data- and code-sharing

practices, which di�er substantially across these approaches.

• Other: Articles that do not involve empirical analysis (e.g., theoretical papers, reviews,

methodological contributions), as well as replication studies, meta-analyses, studies

based entirely on simulated data, and any research that does not �t the categories above.
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B.4 Classi�cation Criteria: Reproducibility

We primarily follow the classi�cation strategies of Fišar et al. (2024) and Ankel-Peters et al.

(2025), classifying reproducibility according to their proposed criteria. Our scope is restricted

to reproducibility achievable from the analysis data.

• Unveri�able: The �gure or result cannot be produced due to missing data or irrecov-

erable code.

• Fully reproducible: All reported numbers or outputs match exactly, aside from non-

essential visual di�erences (e.g., color or line type in �gures).

• Largely reproducible withminor issues: Small quantitative discrepancies may arise

(e.g., from rounding, software versions, random seeds, or typos), but the qualitative

conclusions drawn from the table or �gure remain unchanged.

• Largely not reproducible, with major issues: Substantial quantitative di�erences

occur such that the qualitative conclusions would di�er, or important components of

the table or �gure cannot be produced. For example, some models in a regression table

may reproduce while others yield substantially di�erent results or fail to run.

• Not reproducible: The reproduced results do not support the paper’s conclusions

based on that table or �gure, either because the outputs di�er or the code does not

run.

• Not reproducible but consistent with provided log �le: Direct reproduction using

the data and code is not possible, but included log �les match the results reported in

the paper. This includes cases where numerical results in the logs (even if not plotted)

match the �gures.

• Table/Figure not based on data or analysis: The table or �gure does not originate

from data analysis or executed code and therefore does not require documentation. Ex-

amples include experimental design diagrams, timelines, variable lists, screenshots, il-

lustrations, or conceptual model visualizations.
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